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e To identify robust and sparse signatures (40 genes max).

e To develop inductive classification models that allow to predict class label of any new f Key refe rences
sample without retraining (in contrast to transductive models).
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The sbv IMPROVER project, the website and the symposia are part of a collaborative project designed to enable scientists to learn about
and contribute to the development of a new crowd sourcing method for verification of scientific data and results. The current
challenges, website and biological network models were developed and are maintained as part of a collaboration among Philip Morris
International, Selventa, OrangeBus, and ADS. The project is led and funded by Philip Morris International. For more information on the
focus of Philip Morris International’s research, please visit www.pmi.com.
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