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sbv IMPROVER project Bionet - a platform with:

» Complements the classical peer review system » Challenge explanation

» Rigorous scrutiny of scientific research based on » Network visualization

scru A web-based crowdsourcing platform provides an easy way to share the network models allowing
communities involvement

frequent updates by the scientific community. The platform is meant to facilitate the collaborative
review of networks and is part of the sbvIMPROVER Network Verification Challenge (NVC)
(https://sbvimprover.com/).

The CBN Database Web site (http://causalbionet.com/) offers an interface that accesses different
versions of the network models, ranging from the 98 original non-diseased models (version1.0, 98) to
the consolidated COPD-relevant models (version 1.1), and to the crowd-verified network models during
the first iteration of the NVC (version 1.2) and the second iteration of the NVC (version 2.0).

» Evidence visualization
» A crowd sourcing approach of challenge-based

evaluation of scientific methods » Comment and vote on evidence

» A collaborative effort led and funded by PMI > Create new edge / new supporting evidence

Research and Development » Leaderboard / badges

» Many contributors with independent methods /
knowledge

» Activity feed

Network Statistics and Example Application
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